
The Long-term Finance Radar 
Technical note 

The Africa LTF Scoreboard's radar or clock-shaped graph depicts a synopsis of the information 

contained in the scoreboard and is based on a selection of twelve rescaled indicators for Africa by using 

standard normalization techniques. The figure highlights the main features which allow an assessment 

of the mechanism for mobilizing long-term financing in the continent through the various stages: 

sources, depth, uses and the enabling environment. 

It provides a quick overview of how a country stands, both across the different types of indicator 

(sources of LTF, depth of LTF, uses of LTF, and enabling environment) and relatively to other African 

countries. It allows the reader to spot “weaknesses” and “strengths” across items.    

For each of the four categories/items of data, the “radar graph” includes three selected variables that 

summarize the available data and chosen according to two criteria: representativeness and data 

availability. 

General setup 

The Long-Term Finance (LTF) Radar graph presented in the Africa LTF Data Portal has two main 

objectives:  

(i) Within country assessment  

Providing a quick overview of how a country stands across the different types of indicator 

(sources, depth, uses, and enabling environment). Allows the reader to spot “weaknesses” and 

“strengths” across indicators.    

(ii) Between countries assessment 

Providing a quick overview of how a country stands relatively to other African countries across 

the different types of indicator. Allows the reader to spot “weaknesses” and “strengths” across 

countries.    

For each of the four categories of data (Uses of LTF, Depth of LTF, Sources of LTF, and Enabling 

environment), the “radar graph” includes three pre-selected variables that summarize the available data. 

Variables are chosen according to two criteria: representativeness and data availability. 

When combining or representing several data variables on the same graph, a prior step of 

standardization, normalization or re-scaling is important and necessary. Since variables are measured 

at different scales (for example, private credit expressed as percent of GDP ranges between 0 and 100, 

while credit information as rating on a 1 – 10 scale), we need to make sure that data variables are 

compatible with each other, by using a statistical re-scaling technique.. 

Confusingly, standardization can have several meanings, some may refer to the same process as 

normalization. In our case, the process referred to for the radar graph can be seen as the transforming 

of multiple data of different types to a uniform scale so that they can be fairly compared. Various 

techniques and methods are usually well known for transforming indicators for rescaling data. But, each 

of these techniques have their drawbacks and its advantages. 



Methodology 

The choice of the methodology used for scaling the variables in the LTF in Africa Radar has important 

consequences for the readability and interpretation of the graphs. We have implemented three different 

methodologies. Below a short description of each methodology, and an assessment of the strengths and 

weaknesses of each. 

Methodology Strengths Weaknesses 

Min-max 
Based on the whole sample of African 
countries. 
Set the observation with the lowest value to 
zero and the observation with the highest value 
to 1. For values in between, the transformation 
is linear (the mean will take the value 0.5). 

Distribution 
of values in 
the sample 
is not 
affected. 

Not easy to interpret meaning of a 
specific score ([eg. if a country 
scores a 6 on private credit, it has a 
private credit to GDP of 73.1-87.4%] 
There will always be at least one 
country scoring the max and the min.  
[This may, for example, give the 
impression that the percentage of 
adults with loans for home purchase 
is very high in Mauritius (14.1%)]  
Negative values affect the 
perception of the radar.  
[A country with domestic savings of 
0% of GDP will score a 4 on a 1-10 
scale] 
If there is little variation within the 
sample, countries with similar values 
will appear too distinct.  
If only one country has a very high 
value, all other countries will seem to 
have a very low value. 

Adjusting to 0-100 length 
Variables are not scaled. In the graph there are 
two types of variable:  
1) variables expressed as % of GDP: the 
graph represents the actual value of those 
variables. Variables are winsorized at 0 and 
100 (observations with a value higher than 100 
take the value 100, observations with a value 
lower than 0 take the value 0) 
2) Index variables (eg. Doing business score): 
the graph represents the actual value of those 
variables. 

The true 
values of 
the variable 
can be 
directly 
observed. 

There is no theoretical reason to 
believe that a country should score 
100 on all indicators  
[eg. Domestic savings or private 
credit equal to 100% of GDP, 100% 
of adults with loans for home 
purchase]. 
 
The above becomes a serious 
problem for variables like foreign 
direct investment, official 
development finance, insurance 
penetration, and adults with loans for 
home purchase. 

Quintile ranking 
Based on the whole sample of African 
countries. 
Scaling in quintiles (20% of the countries take 
the value 1 – the ones with the lowest values -; 
20% of the countries take the value 5 – the 
ones with the highest values) 

Easy to 
interpret 
country 
ranking. 

Distribution of a variable becomes 
uniform. 
All ranks have the same number of 
observations, by construction. For 
highly skewed variables this will 
distort the interpretation of the radar. 
  

 


